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From the Editor:
Happy New Year!  As we welcome 2012, we want to take the time to thank the 

many people who make our success possible.  In March of this year, we will cel-
ebrate our 27th Anniversary. 

Our achievements are based not only on our expertise in business valuation, fo-
rensic accounting and consulting, but also by staying at the forefront of many criti-
cal business issues.  In this issue, we bring you an article by Mike Crain regarding 
statistical analysis in business damages, a transcript from Don Wisehart’s testimony 
in front of the Rhode Island General Assembly, and a statistical analysis of initial 
public offerings.

To learn more about the many services The Financial Valuation Group can pro-
vide, please visit us on the web at www.fvgfl.com. 

Introduction
Many people are uncomfortable with mathematics and, thus, they may be 

skeptical of what people have to say about statistical results. In contrast, be-
cause of its perceived rigor, some people grant more authority to statistical 
findings than sometimes deserved. Regardless of these extremes in perception, 
statistics is a valuable tool in the natural and social sciences as well as other 
areas. Its main utility is illuminating patterns not otherwise apparent in raw 
data. Put another way, we can obtain new knowledge by applying statistics to 
complex information. In medicine, for instance, statistics can show whether 
a drug has a particular effect or not. In agriculture, researchers use statistics 
to determine whether a fertilizer causes increases in crop yields. This article 
attempts to bring some clarity to the usefulness of statistical evidence in litiga-
tion. Some ideas in this article are simplified due to space constraints. 

This article first discusses fundamental ideas about statistics to provide a 
framework. Second, I describe statistical inference, a powerful aspect of sta-
tistics because of its rigor. Last, I show two examples using statistics in com-
mercial damages. 

Descriptive and Inferential Statistical Methods 
Descriptive statistics and inferential statistics are two kinds of statistical 

methods. The first takes a high volume of numbers and transforms complex 
data into meaningful information. In contrast, inferential statistics is a tool to 
make judgments, forecasts, and estimates about a larger group based on the 
study of a smaller group. An example of this idea is examining the characteris-
tics of a sample and making inferences about those of a population. 

Descriptive statistics generates summary information using mathematics 
that is relatively straightforward. Examples of this kind of information include 
averages, percentiles, dispersion, frequency, and distribution. This kind of in-
formation describes a particular sample that has been analyzed. In contrast, 
statistical inference is based upon probability theory and is more sophisticated. 
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Although descriptive statistics is frequently used as evi-
dence in litigation, inferential statistics is more interest-
ing because of its power, on one hand, and potential for 
misinterpretation or misuse, on the other. This article will 
concentrate on the use of inferential statistical evidence. 

An Overview of Statistical Inference 
Inferential statistics often examines a smaller group and 

makes some kind of judgment or estimate about a larger 
group. An alternative form is time-series analysis that ob-
serves a particular subject such as a corporation prior to 
time t and makes inferences about this subject after t. Fur-
ther, statistical inference is traditionally made up of two 
branches: estimation and hypothesis testing. Later in this 
article, I show examples of each of these used in commer-
cial litigation. 

For the first type, estimation, we can use statistical in-
ference to generate point or interval estimates. An exam-
ple of a point estimate is estimating an unobserved popu-
lation’s average from a sample’s average. If the sample 
is representative of the population, we have an unbiased 
estimate of the population’s mean. We use a point estimate 
when we need a single number to estimate a population’s 
parameter. An alternative to point estimates is interval es-
timates. Because the sample is not the population, we the-
oretically have sampling error. Interval estimates provide 
information about a population’s parameter within a range 
at some probability level. For instance, we might say after 
examining a sample that the population’s mean is between 
90 and 110 at a 95 percent degree of confidence. This kind 
of range is a called a confidence interval. 

Another branch of inferential statistics is hypothesis 
testing. In this activity, we try to test whether a theory or 
assertion is true or false. It is a qualitative test rather than 
an effort to measure something as we saw in estimation. 
Hypothesis testing can empirically examine questions in 
litigation such as: 

• Did the defendant lay off a higher portion of older em-
ployees compared to younger ones? 

• Did the disclosure of a financial fraud have an effect 
on the plaintiff’s stock price? 

• Are the plaintiff’s revenues during the alleged damage 
period outside a normal range of historical sales? 

The process of hypothesis testing is part of the classic 
scientific method for evaluating claims and discovering 
new knowledge. The steps are beyond the scope of this 
article. 

An Example of Point Estimation 
Suppose P claims D breached a contract and that P suf-

fered a loss of profits as a result. Also assume that P’s 

profits were lower than historical levels. Simultaneous 
with these events, economic conditions worsened. How 
can one evaluate whether this firm’s decrease in profits is 
attributed to a contract breach instead of economic condi-
tions? 

One way is to use statistical analysis by first examining 
historical relationships between P’s pre-breach revenues 
and economic factors. If we can observe such a link, we 
may be able to estimate this firm’s revenues and profits 
but for the alleged breach during the damage period us-
ing observed post-breach economic metrics. Then we can 
compare the predicted profits to actual profits. A positive 
difference might be interpreted as the portion of the firm’s 
lower profits not caused by poor economic conditions. 
Alternatively, if actual profits are greater than predicted 
profits in a poor economic state, P might not have any lost 
profits damages even though profits are less than histori-
cal levels. Simply put, this example might prove that eco-
nomic factors alone explain P’s lower profits. 

This kind of analysis often uses linear regression, which 
is a statistical tool to examine relationships between vari-
ables. We test whether a variable has a relationship between 
one or more other variables. Using statistical language, we 
examine whether a response variable is correlated with 
one or more explanatory variables. In plain English, we 
test whether A has a relationship with B, C, and D. 

In this example, P is a contractor selling goods and ser-
vices mainly to developers of multi-family residential 
communities and existing home owners. Suppose we find 
a statistically significant relationship between P’s pre-
breach revenues and two economic factors: local multi-
family housing starts during the prior year and the local 
unemployment rate. We observe that P’s revenues vary 
(up/down) with the numbers of starts (up/down) and the 
unemployment rate (down/up). Logic informs us that there 
ought to be such a relationship between these variables 
and, thus, we are not merely data mining. Using software 
for linear regression, the computer analyzes the historical 
data in a model that we specify: revenues=function (prior 
year starts, unemployment rate). Assume the data reveals a 
statistically significant relationship in the form of a regres-
sion model: revenues= 4.55+.00333 (starts) − 195.71 (un-
employment rate) and the model explains a strong majori-
ty of the variation in revenues. We also presume the model 
meets the usual technical assumptions of linear regression. 
Next, we can use this model and the post-breach number 
of starts and unemployment rate to predict P’s but-for rev-
enues. Afterwards, using a separate analysis, we can es-
timate the profits associated with these but-for revenues. 

The next step depends on the facts of a particular case. 
Using this example, assume the model and accounting 
analysis predicts that P would have had but for profits of 
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and information to build a confi-
dence interval around the mean at the 
95 percent confidence level. Next, 
D uses the main part of hypothesis 
testing: (a) if P’s revenues for both 
plants during the month after the fire 
is below the confidence interval, we 
do not reject the hypothesis and (b) 
if P’s revenues for its plants is within 
(or above) the confidence interval, 
we reject the hypothesis. Suppose P’s 
mean monthly revenue before the fire 
is $1000 and the confidence interval 
is $900 to $1100. If P’s firm-wide rev-
enues during the month after the fire 
were $875, we would not reject the 
hypothesis and might conclude that 
P suffered a loss of revenues due to 
the fire. Alternatively, if P’s revenues 
were $925, we would reject the hy-
pothesis and might reason that even 
though $925 was below the historical 
average, the amount was within the 
range of normal fluctuations in P’s 
monthly revenue. 

The damage analysis probably does 
not end here. But this sort of test can 
provide some powerful evidence of 
whether P suffered a loss from the 
fire that might be complemented with 
other information. 

Summary and Conclusion 
Descriptive and inferential statis-

tics are two types of statistical meth-
ods. Descriptive statistics is relatively 
straightforward requiring compara-
tively little judgment in describing the 
characteristics of a particular sample. 
On the other hand, inferential statis-
tics is more powerful and sophisticat-
ed. It examines a smaller group and 
makes inferences about the character-
istics of a larger group. An alternative 
form studies a particular subject dur-
ing one time horizon and makes in-
ferences about the subject at another 
time. Despite its heavy reliance on 
maths, statistical inference requires 
judgment to properly apply it and in-
terpret findings. 

Inferential statistics traditionally 
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$100 compared to P’s actual profits 
of $75. Further, assume P’s historical 
profits had been $150. Actual profits 
have fallen $75 from $150 to $75. But 
this analysis suggests $50 of the $75 
decline was caused by the poor eco-
nomic state and that the remaining $25 
fall was caused by other factors, which 
one might be the breach. Let’s change 
the assumption that the predicted but-
for profits are $50. When compared to 
actual post breach profits of $75, P has 
higher-than predicted profits. This ob-
servation leads to a question whether 
P suffered any lost profits caused by 
the breach. Let’s change the scenario 
again. Assume P’s historical revenues 
have been $1000 and the model pre-
dicted revenues of $600 when eco-
nomic conditions where poor. If P’s 
expert presented a damage opinion 
using but-for revenues of $1000 based 
only on historical averages, this sta-
tistical analysis exposes a flaw in this 
opinion because it shows that eco-
nomic factors affected P’s revenues 
and that relying on historical levels is 
unreliable. 

An Example of Hypothesis Testing
Suppose a firm (P) with two fac-

tories has a fire in one facility that 
temporarily closes it for one month. 
The firm has the ability to shift orders 
from the closed factory to the other. P 
sues D for causing the fire and claims 
it suffered lost profits. P simply pre-
pares a damage model based on the 
historical average monthly revenues 
at the closed plant. 

D recognizes P’s ability to move 
production to the other plant. Part of 
D’s analysis uses statistical hypoth-
esis testing on the firm’s revenues 
for both locations. The hypothesis 
is: P suffered a loss of revenues dur-
ing the month after the fire. D collects 
P’s total monthly revenues for both 
factories before the fire and analyzes 
the data. Software produces statistics 
such as the P’s mean monthly revenue 

Statistical Inference (Continued) has two branches: estimation and hy-
pothesis testing. Estimation is quanti-
tative in nature while hypothesis test-
ing is qualitative. Estimation—which 
can be expressed as either point or in-
terval estimates— answers a question 
like what is the parameter’s value. In 
contrast, hypothesis testing tries to 
determine whether a theory or asser-
tion is true or false at a specified con-
fidence level, commonly 95 percent 
in the social sciences like economics. 
Moreover, statistical inference can be 
used in litigation for damage measure-
ments and liability issues. 

Statistical inference, simply speak-
ing, observes data on group A and 
infers it on group B. It should be ob-
vious that such inferences are reason-
able only if A is representative of B. 
Alternatively, when studying a par-
ticular subject over two time horizons, 
inferred relationships from the first 
time period are reasonable if no im-
portant changes in these relationships 
have occurred between the time hori-
zons. 

Inferential statistics can be suscep-
tible to undesirable data mining. There 
is a saying in academic research that 
if you torture the data long enough, it 
will confess something. To minimize 
this aspect, relationships showing sta-
tistical significance should be sensible 
connections between variables. For 
instance, a relationship between the 
direction of stock prices and the past 
Super Bowl winner is not rational, 
even if it historically has a statistical 
correlation.  ~~
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Although descriptive statistics is frequently used as evi-
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concentrate on the use of inferential statistical evidence. 
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oretically have sampling error. Interval estimates provide 
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at some probability level. For instance, we might say after 
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90 and 110 at a 95 percent degree of confidence. This kind 
of range is a called a confidence interval. 

Another branch of inferential statistics is hypothesis 
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assertion is true or false. It is a qualitative test rather than 
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• Did the disclosure of a financial fraud have an effect 
on the plaintiff’s stock price? 

• Are the plaintiff’s revenues during the alleged damage 
period outside a normal range of historical sales? 

The process of hypothesis testing is part of the classic 
scientific method for evaluating claims and discovering 
new knowledge. The steps are beyond the scope of this 
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This kind of analysis often uses linear regression, which 
is a statistical tool to examine relationships between vari-
ables. We test whether a variable has a relationship between 
one or more other variables. Using statistical language, we 
examine whether a response variable is correlated with 
one or more explanatory variables. In plain English, we 
test whether A has a relationship with B, C, and D. 

In this example, P is a contractor selling goods and ser-
vices mainly to developers of multi-family residential 
communities and existing home owners. Suppose we find 
a statistically significant relationship between P’s pre-
breach revenues and two economic factors: local multi-
family housing starts during the prior year and the local 
unemployment rate. We observe that P’s revenues vary 
(up/down) with the numbers of starts (up/down) and the 
unemployment rate (down/up). Logic informs us that there 
ought to be such a relationship between these variables 
and, thus, we are not merely data mining. Using software 
for linear regression, the computer analyzes the historical 
data in a model that we specify: revenues=function (prior 
year starts, unemployment rate). Assume the data reveals a 
statistically significant relationship in the form of a regres-
sion model: revenues= 4.55+.00333 (starts) − 195.71 (un-
employment rate) and the model explains a strong majori-
ty of the variation in revenues. We also presume the model 
meets the usual technical assumptions of linear regression. 
Next, we can use this model and the post-breach number 
of starts and unemployment rate to predict P’s but-for rev-
enues. Afterwards, using a separate analysis, we can es-
timate the profits associated with these but-for revenues. 
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analysis predicts that P would have had but for profits of 

Statistical Inference (Continued)

Continued on next page

and information to build a confi-
dence interval around the mean at the 
95 percent confidence level. Next, 
D uses the main part of hypothesis 
testing: (a) if P’s revenues for both 
plants during the month after the fire 
is below the confidence interval, we 
do not reject the hypothesis and (b) 
if P’s revenues for its plants is within 
(or above) the confidence interval, 
we reject the hypothesis. Suppose P’s 
mean monthly revenue before the fire 
is $1000 and the confidence interval 
is $900 to $1100. If P’s firm-wide rev-
enues during the month after the fire 
were $875, we would not reject the 
hypothesis and might conclude that 
P suffered a loss of revenues due to 
the fire. Alternatively, if P’s revenues 
were $925, we would reject the hy-
pothesis and might reason that even 
though $925 was below the historical 
average, the amount was within the 
range of normal fluctuations in P’s 
monthly revenue. 

The damage analysis probably does 
not end here. But this sort of test can 
provide some powerful evidence of 
whether P suffered a loss from the 
fire that might be complemented with 
other information. 

Summary and Conclusion 
Descriptive and inferential statis-

tics are two types of statistical meth-
ods. Descriptive statistics is relatively 
straightforward requiring compara-
tively little judgment in describing the 
characteristics of a particular sample. 
On the other hand, inferential statis-
tics is more powerful and sophisticat-
ed. It examines a smaller group and 
makes inferences about the character-
istics of a larger group. An alternative 
form studies a particular subject dur-
ing one time horizon and makes in-
ferences about the subject at another 
time. Despite its heavy reliance on 
maths, statistical inference requires 
judgment to properly apply it and in-
terpret findings. 
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The Pension Crises in America
Donald P. Wisehart, CPA/ABV/CFF, ASA, CVA, MST

I was honored when Ms. Gina Ramon-
do, the Treasurer of Rhode Island, asked 
me to testify to the Rhode Island Gener-
al Assembly on behalf of her pension re-
form bill, the “Rhode Island Retirement 
Security Act of 2011”. As I researched 
the issues, it became apparent that simi-
lar testimony could be repeated on be-
half every state in America. All 50 states 
have an unfunded pension liability with 
certain states, like California, Arizona, 
Florida, Illinois, Michigan, Nevada, 
New Jersey, Oregon and Wisconsin in 
serious danger of insolvency. These 
states, in particular, were highlighted in 
the PEW Center on the States Novem-
ber, 2009 report, “Beyond California – 
States in Fiscal Peril”. According to this 
report California takes “fiscal peril” to 
a whole new level. Here was my testi-
mony offered in November 2011.

Good day. My name is Donald Wise-
hart. I am a CPA and a member of the 
Rhode Island Society of Certified Public 
Accountants. I am and have been a fi-
nance and tax professional for more than 
3 decades. I also hold several certifica-
tions in the field of business valuation, 
and I thank you for the opportunity to 
testify here today. 

I am saddened by those Rhode Is-
landers who ignore or care little for the 
daunting financial burden that we will 
leave our sons and daughters and their 
sons and daughters without the pension 
reform we need to make today. I am dis-
mayed by some current pension recipi-
ents who have the attitude that the pen-
sion crisis is not their problem. Many 
seem to feel, for example, that they are 
entitled to COLAs even at the risk of 
bankrupting the pension system.

I believe that the comprehensive pen-
sion reform bill before the House and 
Senate will accomplish what it has set 
out to do. That is, this reform will com-
mence to 1) contain pension costs at a 
manageable level, 2) provide security 
for its present and future retirees, 3) pre-
serve public services, and 4) significant-
ly reduce the financial obligations left to 

us and to the next generations. 
Moreover, I believe that this pension 

reform bill will, indeed, spread the bur-
den equitably among all of us here in 
Rhode Island; not just the taxpayers. 

To reiterate what has been said many 
times over, Rhode Island’s pension li-
ability is somewhere between $7 and 
$9 billion dollars. This is a reality. This 
is $7,000 to $9,000 per every man, 
woman and child in RI. To say that 
this staggering liability is some fabri-
cation or that our Treasurer Raimondo 
has “cooked the books”, is simply un-
true. Furthermore, she is not alone in 
her assessment of these issues. Robert 
Novy-Marx, Assistant Professor of 
Finance, University of Chicago, and 
Joshua D. Rauh, Associate Professor 
of Finance of Northwestern University, 
disclosed in their fall of 2009 article  
that, state public pension plans “are un-
derfunded by $3.23 trillion”. They cite 
Rhode Island as one of the 5 states that 
are in “dire straits”, and estimate that 
if Rhode Island used all of its annual 
tax revenues, it would take 7.7 years 
to “close the pension gap on promises 
already accrued by workers.” In April 
2010, Andrew G. Biggs, a resident 
scholar at The American Enterprise In-
stitute for Public Policy Research, also 
cited the same number, $3 trillion, as 
the number by which pension plans are 
underfunded. He also points out that 
“pension shortfalls far exceed explicit 
state debts, and that current state pen-
sion accounting practices are inaccu-
rate and outmoded.” Private pension 
plan accounting practices, on the other 
hand, require full disclosure of unfund-
ed pension liabilities. Finally, Bryan 
Leonard, a Budget Research Analyst 
and Fellow at State Budget Solutions, 
stated in his March 2011 article  that 
“one of the most insidious aspects of 
pension liability is its stealth nature. 
Pension obligations don’t appear on 
state balance sheets. As such, states 
with billions in unfunded pension li-
abilities may technically brag of “bal-
anced” budgets while being swamped Continued on next page

by pension debt.” 
Much of the resistance to this plan has 

been characterized as a promise broken. 
This is not the case. It is not a matter of 
promises broken; it is a result of seri-
ously flawed actuarial assumptions and 
failure to report and record pension li-
abilities. This same type of situation 
currently threatens Social Security and 
Medicare. Both politicians and labor 
unions have been complacent in propa-
gating these unrealistic assumptions. It 
is disingenuous for the union leaders 
to pretend that they did not know this 
problem exists. So it is not promises 
broken. However, I can promise you 
that without the concessions in COLA 
increases, for example, current recipi-
ents will see those COLAs swallowed 
up by tax increases required to support 
the broken system. 

As many of you may know, Moody’s 
Investors Service announced in this 
past June that it has revised the credit 
outlook for Rhode Island from “stable” 
to “negative”. Stated in Moody’s news 
release about RI, “The negative outlook 
reflects the potential impact of rapidly 
escalating pension costs on the state’s 
ability to increase its liquidity margins, 
diminish its reliance on one-time mea-
sures to balance its budget and reduce 
its debt burden.” Even though Rhode 
Island makes its annual required pen-
sion payments the unfunded liability 
increases at a stultifying rate. There-
fore, our unfunded liability threatens 
the creditworthiness of our State, and 
unless we reverse this trend through 
pension reform, our State’s financial 
problems will only increase while our 
creditworthiness plummets. Let us not 
lose sight that the lower the credit rat-
ing, the higher the interest charged on 
borrowings, and accordingly, the more 
tax revenue needed to fund the indebt-
edness. This also translates in to higher 
costs for RI’s roads, schools and build-
ing projects.

CNBC’s annual “Top States for Busi-
ness” Report ranked “Rhode Island 
49th out of 50. By adopting this pension 
reform, Rhode Island will have made a 
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giant step to reverse this trend and make this State a business 
friendly State.

It has been said that a crisis exists when the old system can 
no longer be maintained. There is no question that Rhode 
Island and some of its municipalities are in a financial crisis. 
There is no question that there is an unfunded pension li-
ability and the amount is staggering. To ignore this liability; 
to continue as is without this pension reform is financial sui-
cide. To ignore this liability is irresponsible. To apply some 
“band aid” approach is also irresponsible.

Without this pension reform, future pension contribu-
tions will explode into unmanageable amounts. Services for 
our roads and schools must decline and sales, income and/
or property taxes must increase. In this instance, it’s simple 
math. RI’s estimated 2012 annual pension cost of $683 mil-
lion translates to a cost of $649 for every man, woman and 
child in RI, and nearly 3 times the $224 cost for every man, 
woman and child in our neighboring State of Massachusetts. 
And, this is just for the 2012 year. The annual costs in future 
years will quickly grow to over 1 billion dollars per year. 

This situation will further deter skilled labor and new busi-
nesses from coming to Rhode Island and force current busi-
nesses and families to move out of state. Growth in our State’s 
Gross Domestic Product is already virtually stagnant, and 
has even declined over the past five years at a rate of .07%. 
Our population is dwindling. Since July 1, 2003, Rhode Is-
land’s population has declined each and every year from the 
previous year. In other words, for each and every year since 
July 1, 2003, RI families and businesses have been forced to 
take on more and more of the tax burden. For Rhode Island 
families and businesses to survive, these trends, again, must 
reverse, and adopting this pension reform is one monumental 
step in making that happen. 

RI’s pension problem has existed for years and years. Un-
der the current system, it is only a matter of time before pen-
sion costs become insurmountable. This pension reform will 
allow our State and its municipalities to take its first step to 
contain pension costs and ensure that benefits will be avail-
able to current and future retirees. 

I pray that you pass this legislation. I pray you pass this 
legislation intact. To alter this reform is tantamount to the 

Pension Crises (Continued)

Continued on next page

The reasons for going public vary, 
but for many companies the overriding 
factor is to gain access to more capital.  
This additional capital would—in theo-
ry—enable growth, increase the value 
of the business, and provide greater re-
turns to stockholders.  

We looked at IPO transactions for 
two-year periods prior to and after the 
“market meltdown” of 2008.  We ana-
lyzed IPO transactions during the period 
January 1, 2006 to December 31, 2007 
and January 1, 2009 to December 31, 

2010 in the manufacturing industries, 
defined by SIC codes 3000 to3999.  We 
began with Internet searches of the SEC 
and Yahoo!Finance websites.  Develop-
ment stage companies were excluded 
from our analysis.  

For each transaction, we determined 
value multiples for the reporting period 
immediately after the date of the IPO.  
Market Value of Invested Capital of 
each offering company was calculated 
using:

• The first observed (close) price re-
ceived by the offering company;
• Number of common shares out-
standing as of the reporting period im-
mediately following the offering; and

• Total debt as of the reporting pe-
riod immediately following the offer-
ing.

We used annual or trailing twelve 
months revenues and operating EBIT-
DA as of the reporting period follow-
ing the IPO to develop the multiples.  

Outliers were excluded from the 
concluded multiples.  For MVIC/Rev-
enue, multiples less than 0 or greater 
than 5 were excluded.  For MVIC/Op-
erating EBITDA, multiples less than 0 
or greater than 30 were excluded.  The 
remaining transactions for each period 
were then analyzed to determine IPO 
Percentile Multiples for the group.
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I was honored when Ms. Gina Ramon-
do, the Treasurer of Rhode Island, asked 
me to testify to the Rhode Island Gener-
al Assembly on behalf of her pension re-
form bill, the “Rhode Island Retirement 
Security Act of 2011”. As I researched 
the issues, it became apparent that simi-
lar testimony could be repeated on be-
half every state in America. All 50 states 
have an unfunded pension liability with 
certain states, like California, Arizona, 
Florida, Illinois, Michigan, Nevada, 
New Jersey, Oregon and Wisconsin in 
serious danger of insolvency. These 
states, in particular, were highlighted in 
the PEW Center on the States Novem-
ber, 2009 report, “Beyond California – 
States in Fiscal Peril”. According to this 
report California takes “fiscal peril” to 
a whole new level. Here was my testi-
mony offered in November 2011.

Good day. My name is Donald Wise-
hart. I am a CPA and a member of the 
Rhode Island Society of Certified Public 
Accountants. I am and have been a fi-
nance and tax professional for more than 
3 decades. I also hold several certifica-
tions in the field of business valuation, 
and I thank you for the opportunity to 
testify here today. 

I am saddened by those Rhode Is-
landers who ignore or care little for the 
daunting financial burden that we will 
leave our sons and daughters and their 
sons and daughters without the pension 
reform we need to make today. I am dis-
mayed by some current pension recipi-
ents who have the attitude that the pen-
sion crisis is not their problem. Many 
seem to feel, for example, that they are 
entitled to COLAs even at the risk of 
bankrupting the pension system.

I believe that the comprehensive pen-
sion reform bill before the House and 
Senate will accomplish what it has set 
out to do. That is, this reform will com-
mence to 1) contain pension costs at a 
manageable level, 2) provide security 
for its present and future retirees, 3) pre-
serve public services, and 4) significant-
ly reduce the financial obligations left to 

us and to the next generations. 
Moreover, I believe that this pension 

reform bill will, indeed, spread the bur-
den equitably among all of us here in 
Rhode Island; not just the taxpayers. 

To reiterate what has been said many 
times over, Rhode Island’s pension li-
ability is somewhere between $7 and 
$9 billion dollars. This is a reality. This 
is $7,000 to $9,000 per every man, 
woman and child in RI. To say that 
this staggering liability is some fabri-
cation or that our Treasurer Raimondo 
has “cooked the books”, is simply un-
true. Furthermore, she is not alone in 
her assessment of these issues. Robert 
Novy-Marx, Assistant Professor of 
Finance, University of Chicago, and 
Joshua D. Rauh, Associate Professor 
of Finance of Northwestern University, 
disclosed in their fall of 2009 article  
that, state public pension plans “are un-
derfunded by $3.23 trillion”. They cite 
Rhode Island as one of the 5 states that 
are in “dire straits”, and estimate that 
if Rhode Island used all of its annual 
tax revenues, it would take 7.7 years 
to “close the pension gap on promises 
already accrued by workers.” In April 
2010, Andrew G. Biggs, a resident 
scholar at The American Enterprise In-
stitute for Public Policy Research, also 
cited the same number, $3 trillion, as 
the number by which pension plans are 
underfunded. He also points out that 
“pension shortfalls far exceed explicit 
state debts, and that current state pen-
sion accounting practices are inaccu-
rate and outmoded.” Private pension 
plan accounting practices, on the other 
hand, require full disclosure of unfund-
ed pension liabilities. Finally, Bryan 
Leonard, a Budget Research Analyst 
and Fellow at State Budget Solutions, 
stated in his March 2011 article  that 
“one of the most insidious aspects of 
pension liability is its stealth nature. 
Pension obligations don’t appear on 
state balance sheets. As such, states 
with billions in unfunded pension li-
abilities may technically brag of “bal-
anced” budgets while being swamped Continued on next page

by pension debt.” 
Much of the resistance to this plan has 

been characterized as a promise broken. 
This is not the case. It is not a matter of 
promises broken; it is a result of seri-
ously flawed actuarial assumptions and 
failure to report and record pension li-
abilities. This same type of situation 
currently threatens Social Security and 
Medicare. Both politicians and labor 
unions have been complacent in propa-
gating these unrealistic assumptions. It 
is disingenuous for the union leaders 
to pretend that they did not know this 
problem exists. So it is not promises 
broken. However, I can promise you 
that without the concessions in COLA 
increases, for example, current recipi-
ents will see those COLAs swallowed 
up by tax increases required to support 
the broken system. 

As many of you may know, Moody’s 
Investors Service announced in this 
past June that it has revised the credit 
outlook for Rhode Island from “stable” 
to “negative”. Stated in Moody’s news 
release about RI, “The negative outlook 
reflects the potential impact of rapidly 
escalating pension costs on the state’s 
ability to increase its liquidity margins, 
diminish its reliance on one-time mea-
sures to balance its budget and reduce 
its debt burden.” Even though Rhode 
Island makes its annual required pen-
sion payments the unfunded liability 
increases at a stultifying rate. There-
fore, our unfunded liability threatens 
the creditworthiness of our State, and 
unless we reverse this trend through 
pension reform, our State’s financial 
problems will only increase while our 
creditworthiness plummets. Let us not 
lose sight that the lower the credit rat-
ing, the higher the interest charged on 
borrowings, and accordingly, the more 
tax revenue needed to fund the indebt-
edness. This also translates in to higher 
costs for RI’s roads, schools and build-
ing projects.

CNBC’s annual “Top States for Busi-
ness” Report ranked “Rhode Island 
49th out of 50. By adopting this pension 
reform, Rhode Island will have made a 
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giant step to reverse this trend and make this State a business 
friendly State.

It has been said that a crisis exists when the old system can 
no longer be maintained. There is no question that Rhode 
Island and some of its municipalities are in a financial crisis. 
There is no question that there is an unfunded pension li-
ability and the amount is staggering. To ignore this liability; 
to continue as is without this pension reform is financial sui-
cide. To ignore this liability is irresponsible. To apply some 
“band aid” approach is also irresponsible.

Without this pension reform, future pension contribu-
tions will explode into unmanageable amounts. Services for 
our roads and schools must decline and sales, income and/
or property taxes must increase. In this instance, it’s simple 
math. RI’s estimated 2012 annual pension cost of $683 mil-
lion translates to a cost of $649 for every man, woman and 
child in RI, and nearly 3 times the $224 cost for every man, 
woman and child in our neighboring State of Massachusetts. 
And, this is just for the 2012 year. The annual costs in future 
years will quickly grow to over 1 billion dollars per year. 

This situation will further deter skilled labor and new busi-
nesses from coming to Rhode Island and force current busi-
nesses and families to move out of state. Growth in our State’s 
Gross Domestic Product is already virtually stagnant, and 
has even declined over the past five years at a rate of .07%. 
Our population is dwindling. Since July 1, 2003, Rhode Is-
land’s population has declined each and every year from the 
previous year. In other words, for each and every year since 
July 1, 2003, RI families and businesses have been forced to 
take on more and more of the tax burden. For Rhode Island 
families and businesses to survive, these trends, again, must 
reverse, and adopting this pension reform is one monumental 
step in making that happen. 

RI’s pension problem has existed for years and years. Un-
der the current system, it is only a matter of time before pen-
sion costs become insurmountable. This pension reform will 
allow our State and its municipalities to take its first step to 
contain pension costs and ensure that benefits will be avail-
able to current and future retirees. 

I pray that you pass this legislation. I pray you pass this 
legislation intact. To alter this reform is tantamount to the 
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The reasons for going public vary, 
but for many companies the overriding 
factor is to gain access to more capital.  
This additional capital would—in theo-
ry—enable growth, increase the value 
of the business, and provide greater re-
turns to stockholders.  

We looked at IPO transactions for 
two-year periods prior to and after the 
“market meltdown” of 2008.  We ana-
lyzed IPO transactions during the period 
January 1, 2006 to December 31, 2007 
and January 1, 2009 to December 31, 

2010 in the manufacturing industries, 
defined by SIC codes 3000 to3999.  We 
began with Internet searches of the SEC 
and Yahoo!Finance websites.  Develop-
ment stage companies were excluded 
from our analysis.  

For each transaction, we determined 
value multiples for the reporting period 
immediately after the date of the IPO.  
Market Value of Invested Capital of 
each offering company was calculated 
using:

• The first observed (close) price re-
ceived by the offering company;
• Number of common shares out-
standing as of the reporting period im-
mediately following the offering; and

• Total debt as of the reporting pe-
riod immediately following the offer-
ing.

We used annual or trailing twelve 
months revenues and operating EBIT-
DA as of the reporting period follow-
ing the IPO to develop the multiples.  

Outliers were excluded from the 
concluded multiples.  For MVIC/Rev-
enue, multiples less than 0 or greater 
than 5 were excluded.  For MVIC/Op-
erating EBITDA, multiples less than 0 
or greater than 30 were excluded.  The 
remaining transactions for each period 
were then analyzed to determine IPO 
Percentile Multiples for the group.
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Pension Crises (continued)

“band aid” approach that will have us all back here 
again next year. What creditworthiness is left for RI 
will evaporate without it. Without it, our popula-
tion will continue to decline along with the decline 
in State and municipal services. While services de-
cline, taxes will climb imposing an even greater bur-
den on those families and businesses that remain in 
Rhode Island. Frankly, passing this bill as put before 
you is the only responsible alternative.

In closing I ask this question to some. How do you 
look your grandson in the eye and say that it’s too 
bad his taxes have skyrocketed, but you needed your 
COLAs. In all likelihood, you won’t have to look 
him in the eye. He will have taken his talents, youth 
and energy to someplace else. He won’t be able to 
afford to work and raise his family here in RI.

Thank you for the opportunity to appear before 
you today. I am available for questions. ~~
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